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A note on extracting ‘sentiments’ in financial news in English, Arabic & Urdu

Yousif Almas
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University of Surrey
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Abstract

The growth of specialist texts in lan-
guages used by hundreds of millions of
people, say, in the Middle East (Arabic)
and in Pakistan (Urdu), provides bench-
marks for the Anglo-centric information
extraction and polarity analysis systems.
Public sentiment, openly expressed or
surreptitiously recorded, is being ana-
lysed by using methods and techniques of
computational linguistics on documents
comprising everyday or general lan-
guage, especially telephone conversa-
tions, news reports and so on. It is im-
portant to evaluate whether studies in the
use of language in special registers, say
financial trading, may benefit sentiment
analysis: sentiment analysis or con-
sumer/institutional confidence is meas-
ured through opinion polls on the basis
that both parties occasionally indulge in
exuberant behaviour and make decisions
that are irrational or have bounded ra-
tionality. We show that the notion of
lexical signature of a specialism together
with the existence of local grammars
within a specialist register, rooted in col-
locational patterns, will help in identify-
ing and deploying the signature and pat-
terns for detecting sentiment that is
openly expressed in news. Our study
originates in the analysis of (British)
English financial texts (c. 3.5 million to-
kens) and the sentiment-bearing patterns
found in these texts can help to extract
sentiment bearing in Arabic (c. 3.5 mil-
lion) and in Urdu (c. 1 million).

Khurshid Ahmad
Department of Computer Science
Trinity College,
Dublin-2. IRELAND
kahmad@cs.tcd.ie

1 Introduction

There are two senses of the term sentiment
analysis. One which is used in computational
linguistics: ‘sentiment analysis is the task of
identifying positive and negative opinions, emo-
tions, and evaluations’ (Wilson et al., 2005). The
second sense relates to the perception of the be-
haviour of human beings by other human beings
either within an office environment (Simon,
1979), or within a financial market (Kahneman,
2003), or indeed the perception of the worth of a
film or consumer goods (Turney, 2002). It is
well known that the otherwise rational traders
and investors in a financial market do indulge in
irrational behaviour (Shiller, 2000) leading to
the metaphoric and literal boom and bust condi-
tions in such markets. The analysis of the prices
and trading volumes of shares and commodities,
or that of composite indices, is typically carried
out by conducting fundamental and/or technical
analysis — both based on quantitative data and
mathematical models and statistical techniques.
Over the last ten years or so a third form of
analysis is taking root — sentiment analysis.

Fundamental analysis is ‘a method of security
valuation which involves examining the com-
pany's financials and operations, especially sales,
earnings, growth potential, assets, debt, man-
agement, products, and competition.” Technical
analysis is ‘a method of evaluating securities by
relying on the assumption that market data, such
as charts of price, volume, [..which], can help
predict future (usually short-term) market trends.
[..] [It is assumed that] market psychology influ-
ences trading in a way that enables predicting
when a stock will rise or fall.’

Sentiment analysis is a related branch of tech-
nical analysis and sentiment is defined as ‘a
measurement of the mood of a given investor or
the overall investing public, either bullish or
bearish.’(Definitions from www.investorwords.com)















Stem
POS

suffixes

Noun

ha(\s)

an(u)

yan(ob)

gan(u<)

van (o)s)

at(<)

jat(==)

un(cx)

yun(c.s)

Present or
Pact

Am(e)

i(©)

im(e)

id(x)

and(x)

verb

participle

am(s)

Present
perfect

iy(s)

ast(<wl)

im(e)

id(=)

and(x)

Prefixes | Stem POS | Suffixes Word
POS
ba(L) Noun ADJ
be(w) Noun ADJ
Foru(s.%) | Noun ADJ
na(c) Noun ADJ
Noun or al INT
ADJ
Verb lex- | k(<) Noun
eme
Noun agin(¢S) | ADJ
Noun dan(ul) ADV
Noun Sar(Lbs) ADV
Noun kade(-x) | ADV
Noun nak(<su) ADJ
Verb ade(s) ADJ
Lexeme
Noun var(Ls) ADJ
Noun mand(xx) | ADJ
past gar(UX) ADJ
Verb
Lexeme
Noun
Noun gin(e) | ADJ
Verb lex- | an(o)) ADJ
eme
Noun setan(ctiv) | ADV
Noun ce(+2) Noun
Noun ane(4) ADJ
ADJ ADV
Noun san(obw) ADJ
past n(w) infini-
Verb tive
Lexeme
Present es(ud) Noun
Verb
Lexeme
Present h(e) noun
Verb
lexeme

Adjective

tar(_s)

super

tarin(ca_n)

superlative

Table 5. Morphological rules for derivative affixes

Table 6. Morphological rules for Inflectional affixes






